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Elastic File System

Amazon Elastic File System provides file storage for use with your EC2

instances.

Create File System

Getting Started Guide

[

Create
Create an EFS file system to store your files in the Amazon
cloud. A file system grows and shrinks automatically with the
files you put in, and you only pay for what you use.

E6

Access Manage
Write files to and read files from your EFS file system via the You can easily administer your file system, and you can view
NFSv4 protocol. Any number of EC2 instances can work with and alert on key metrics using CloudWatch.

your file system at the same time, and your instances can be in
multiple Availability Zones in a Region.



B AWS v  Services v

efs-demo @ 0006-1422-0061 v  Oregon v  Support v

Create File System

| Step 1: Configure File System Access Configure File System Access
Step 2: Add Tags
‘ An EFS file system is accessed by EC2 instances running inside one of your VPCs. Instances connect to a file system via a network interface

1:TI" s '\ ’\’ eview a 7‘5% ea ‘L" . . . .
P Ve St called a mount target. Each mount target has an IP address, which we assign automatically or you can specify.

VPC: | | vpc-5ea27c3b 10

Create Mount Targets

Instances connect to a file system via mount targets you create. We recommend creating a mount target in each of your VPC's availability zones
so that EC2 instances across your VPC can access the file system.

Availability Zone Subnet O P Address (i ] Security Group (i ]
v us-west-2a subnet-f3db6d96 v Automatic #* % sg-23f78a46 - default
v us-west-2b subnet-6b8e5alc v Automatic # % sg-23f78a46 - default
v us-west-2c subnet-3585706¢ v Automatic ¢ % sg-23f78a46 - default




.’l AWS + Services v dit + efs-demo @ 0006-1422-0061 ¥ Oregon ¥  Support v

Create File System

Step 1: Configure File System Access Add Tags
| Step 2: Add Tags

tep 3: Review and Create

You can add tags to describe your file system. A tag consists of a case-sensitive key : value pair. For example, you can define a tag with key :
value pair Corporate Department : Sales and Marketing. At a minimum, we recommend a "Name" tag.

Key Value Remove
Name I My first EFS file system| I (%)
Add New Key Add New Value

Cancel Previous



B# AWS v  Services v

efs-demo @ 0006-1422-0061 v Oregon ¥  Support v

Create File System

Step 1: Configure File System Access Review and Create
Step 2: Add Tags

Review the configuration below before proceeding to create your file system.
| step 3: Review and Create

File System Access

VPC Availability Zone Subnet IP Address Security Group
us-west-2a subnet-f3db6d96 Automatic sg-23f78a46 - default
vpec-5ea27¢3b us-west-2b subnet-6b8ebalc Automatic sg-23f78a46 - default
us-west-2c subnet-3585706c¢c Automatic sg-23f78a46 - default
Tags

WName: My first EFS file system

Cancel Previous | Create File System I



v My first EFS file system

Other Details

fs-1daadeb4

fs-d694707f

Owner ID 000614220061
Life Cycle State Available
File System Access
DNS Names
EC2 mount instructions
Mount Targets
Availability
VPC Zone Subnet
us-west-2¢ subnet-
3585706¢c
vpc- us-west-2a subnet-f3db6d96
5ea27c3b
us-west-2b subnet-
6b8ebalc

0.0GB

0.0GB

IP
Address

10.0.2.139

10.0.0.165

10.0.1.187

Tags
¥Name: My first EFS file system

Mount Target
ID

fsmt-62a442cb

fsmt-63ad442ca

fsmt-65a442cc

Network Interface
ID

eni-98a600c0

eni-73303917

eni-5185d027

Apr 2,2015 1:11:34 AM -0400

Apr 3, 2015 8:00:38 PM -0400

Manage Tags

Manage File System Access

Security Groups

default - sg-
2378246

default - sg-
2378246

default - sg-
23f78a46

Life Cycle
State

Available

Available

Available



$ sudo mount -t nfs4 us-west-2a.fs-

d694707f.efs.uswest-2.amazon
aws.com:/ /mnt/efs
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EBS vs EFS vs S3
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o HTTP API
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T 9 1 'ﬁ:j jAPI%'fij C record = { attr A: ‘foo’, attr B: ‘bar’,... }
% J%%ﬁﬁ@'% result = ml.predict(

ml_model_id: MODELID,

record: record,

predict_endpoint: ENDPOIND »
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Prediction < Target |

Allthe true (known/real)
answer “0” from your
Evaluation Datasource.

All the true (known/real)
answer “1” from your
Evaluation Datasource.

Striped areas indicate
records for which the
answer was predicted
incorrectly based on
the selected cutoff.

falues

Prediction > Target

Observations.

Any records below the
cut-off number will be
predicted as "0".

Any records above the

cut-off number will be
predicted as "1".

0" Score “"
True False False True
Negative Negative Positive Positive
Predicted Values
& &
& & & N
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& AL T A &
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Total | G220 Fato) otk (adse 047
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