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http://www.slideshare.net/AmazonWebServices/bdt305-amazon-emr-deep-dive-and-best-practices
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http://www.slideshare.net/AmazonWebServices/getting-started-with-amazon-kinesis
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http://www.slideshare.net/AmazonWebServices/bdt310-big-data-architectural-patterns-and-best-practices-on-aws
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